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Abstract 
 

  

As technology changes constantly, so does the need for organizations to adapt by promptly and effectively 

implementing technological improvements to gain a competitive edge. Information systems in the 

information technology (IT) industry are continually seeing new innovations, and business leaders must 

be prepared to adopt these technological options to strengthen their organizations’ information system 

infrastructure. Often applied in healthcare settings, organizational readiness for change (ORC) is a 

promising theory to explore within information systems applications. This study measures the effects of 

variables contributing to organizational readiness for change and its relationship to behavioral intention 

(BI) in information systems. Using constructs from quantitative models by Paré and Lokuge, we examine 

10 independent variables relevant to ORC and BI. Survey data were collected from the IT industry and 

analyzed using partial least squares structural equation modeling (PLS-SEM). We found that causal factors 

do contribute to ORC that determine Information System (IS) implementation decisions for companies in 

the IT industry through the measurement of BI. The results of this study should benefit the IT industry, 

which struggles with change management activities within its departments and organizations. 

 

 

Keywords: organizational readiness for change, organizational change management, change management, 

information systems, information system implementation 

 

 

Introduction and motivation  
 

Scholars agree that change management activities are essential, yet many of these improvements fail to take 

hold and endure. Some researchers have argued that change management activities within organizations 

fail because of poor planning, the absence of process methodologies, and the lack of assessments for 

continuous improvements (Rajan & Ganesan, 2017). However, if change management is executed 

correctly, significant benefits can be realized, such as when U.S. gas stations switched from leaded fuel to 

unleaded fuel, significantly reducing the emission of air pollutants (Heckman, 2008). Change management 

activities play a substantial role in ensuring that organizations thrive and remain relevant amid constantly 

evolving technology. Change management is critical for organizations because it may generate revenue, 

maximize efficiency, enhance profitability, create positive customer experiences, increase employee 

morale, and improve the quality of excellence (Rajan & Ganesan, 2017). This study aims to establish the 

causal factors which contribute to organizational readiness for change (ORC) and to determine information 

system implementation decisions for companies in the information technology (IT) industry through the 

measurement of behavioral intention. A quantitative methodology is used alongside an existing decision 

model as the theory. 
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The implementation of an information system involves an organization helping “employees believe in the 

organization’s capability to handle all challenges that may occur during and post the implementation 

process” (Chaudhry, 2018, p. 74). In addition, the organization’s leadership works to ensure that employees 

are reasonably satisfied with the implementation process by instituting process workflows through their 

concerns, questions, and issues to demonstrate that the leaders care about them during and after the 

implementation phase. According to Chaudhry (2018), ORC practices create a sense of trust between the 

leaders and employees when the leaders undertake information system implementation initiatives that are 

designed to strengthen the company. Change management must hence be a regular part of the company’s 

daily business objectives to help reduce resistance to change activities. 

 

As Choi and Ruona (2011) explained, the issue is not that the employees are resisting change; rather, it is 

how the change event is communicated to or imposed upon them. Employees must understand the intention 

of the change from an organizational development perspective, which is to enhance “individual 

development and improving organizational performance” (Choi & Ruona, 2011, p. 47). A clear 

communication approach would help employees understand that change activities can be implemented with 

strong leadership support (Chaudhry, 2018). 

 

Moreover, resistance to change may be related to the need to convince employees that change can benefit 

them (Vax et al., 2021). Consequently, as a positive strategy for implementing change, leaders must address 

the employees’ needs prior to meeting their own – thereby avoiding accusations of being self-serving (Ford 

et al., 2008). Understanding employees’ needs is a strategy to bridge the gap between leaders and 

employees. 

 

This study addresses these issues by answering the research question: “What casual factors contribute to 

organizational readiness for change that determine information system implementation decisions for 

companies in the information technology industry through the measurement of behavioral intention?” As 

applications, tools, and online resources are in high demand, the most current information system must be 

identified before implementation, and ORC assists in this process. 

 

 

Literature review 
 

Change management has significantly contributed to how organizations can implement changes; however, 

testing of concepts must continue as technology continues to evolve (Zainol et al., 2021). Specifically, 

testing concepts that involve introducing new technologies within various industries should persist, and the 

test results could reveal how such concepts affect the organizations that must implement the changes. The 

literature review addresses why organizational change fails according to Lewin (1947), Kotter (1997), and 

Armenakis et al. (1993). 

 

Neil, et al. (2021) claimed that 70% of change initiatives fail because change agents (i.e., leaders) are 

expected to implement frequent changes in their organizations even while they lack understanding of why 

previous initiatives failed. These organizations’ board of directors are, therefore, interested in the results 

accompanying change implementation, rather than the continuous improvement of change initiative tactics 

(Neil et al., 2021). According to Burnes (2017), Japanese leaders, who spend a great deal of time preparing 

for change and learning from their previous change initiatives, have a higher success rate with these 

initiatives than other nations’ leaders. In general, Japanese organizational change events are not as frequent, 

and their new processes last for some time. 
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Kotter (1997) and Lewin (1947) argue that organizations tend to fail at implementing changes when 

employees who are vital to this process are not mentally prepared for it due to a lack of readiness. An 

“unfreezing” occurs when organizations break their habits and prepare for something new, which may be 

challenging since communication from leaders to employees might not be the first step for change (Kabukye 

et al., 2020).  

 

Building on their understanding of change readiness and affirming that it is the solution to resistance, 

Armenakis, Harris, and Mossholder (1993) tested the ORC theory. They defined ORC as the readiness that 

can lead to behaviors that support or resist change efforts. The authors also stated their belief that change 

activities occur more frequently, quickly, and effectively. 

 

Neil et al. (2021) found that strategies for communication in phases between leaders and employees were 

present in only 30% of change management events. The researchers used a survey-based instrument and 

received more than 1,000 responses from various organizations and industries. They tested seven 

hypotheses and the statistically significant results confirmed that only 30% of change management events 

are successful due to strong communication in phases. Moreover, employees tend to commit to a change 

initiative when it is communicated to them early in the process. Furxhi (2021) argues that leaders who 

communicate clearly about change establish commitment and trust with employees, enabling them to 

prepare their minds and emotions for change. Additionally, this process grants them time to inquire about 

the change initiative, which reduces their resistance to the necessary evolution (Furxhi, 2021). The ORC 

theory has the same connection, according to Armenakis et al. (1993), who confirmed that strong 

communication is the key to successful change management events. 
 

Organizational readiness for change and behavioral models 

 
This study aims to combine various constructs into one model, as such, ORC, cultural readiness, strategic 

readiness, and behavioral intention, were combined within the existing Paré model for this unique study. 

Lokuge et al. (2019) and Paré et al. (2011) have tested ORC as a construct, whereas Lokuge et al. (2019) 

have tested cultural and strategic readiness constructs, which were added to the existing Paré model for this 

study. Lastly, Venkatesh et al. (2003) tested the behavioral intention construct of the UTAUT model, and 

it was added to the existing Paré model for this study. The following sections discuss the foundational 

models for this paper: UTAUT, Paré, and Lokuge. 

 

The behavioral intent outcome related to ORC can be defined as the change that “eventually impacts the 

way employees perform their job responsibilities (Chaudhry, 2018, p.60), which may or may not affect 

employees individually or collectively as a unique part and research gap of the research study. UTAUT 

has a connection with the Paré and Lokuge models because it also tests behavioral constructs that are all 

cause-and-effect models used to predict similar outcomes.  
 

The unified theory of acceptance and use of technology 

 

The Unified Theory of Acceptance and Use of Technology (UTAUT) model, introduced by Venkatesh et 

al. in 2003, is an integrated theoretical framework aimed at understanding the factors influencing the 

acceptance and use of technology. The UTAUT model posits four key constructs: performance expectancy, 

effort expectancy, social influence, and facilitating conditions as core determinants of user acceptance and 

usage behavior. Performance expectancy is the degree to which an individual believes that using the system 

will help attain gains in job performance. Effort expectancy relates to the perceived ease of use of the 

technology. Social influence pertains to the perception that important others believe one should use the new 

system. Facilitating conditions are the degree to which an individual believes that an organizational and 
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technical infrastructure exists to support the system use. UTAUT also suggests gender, age, experience, 

and voluntariness of use as moderators that influence these core constructs' effects. (Venkatesh et al., 2003). 

Based on earlier models of the technology acceptance model (TAM), the theory of planned behavior (TPB), 

and the theory of reasoned action (TRA) (Davis, 1985; Ajzen, 1985; Ajzen & Fishbein, 1977), Venkatesh 

combined constructs from eight separate models using data from four separate organizations (Whittaker, 

2019). The analysis was conducted using partial least squares structural equation modeling and found a 

strong link between these constructs and behavioral intention and between behavioral intention and use 

behavior.  

 

 

 
Figure 1: The UTAUT model (Venkatesh et al, 2003) 

 

The Paré model 

 

The Paré model originates from Paré, Sciotte, Poba-Nzaou, Balouzkis (2011), who tested perceptions of 

ORC within clinical information system (CIS) projects in Figure 2. The model was part of the design for a 

two-part study which used a survey instrument to collect data from 11 home health care organizations and 

one teaching hospital. ORC was the dependent variable measured against the nine independent variables: 

vision clarity, change appropriateness, change efficacy, top management support, the presence of an 

effective champion, organizational history of change, organizational conflicts and politics, organizational 

flexibility, and collective self-efficacy. The survey results reveal a coefficient of determination (R2) of 0.75 

for ORC. Kabukye, Keizer, and Cornet (2020) also used the Paré model, as illustrated in Figure 2 below. 

They tested the EHRs at a hospital that treats cancer patients in Uganda using PLS-SEM for the data analysis 

and determined an R2 of 0.67. The similar results from two independent studies using this model validate 

the efficacy of these constructs.  
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Figure 2: The Paré model (Kabukye et al., 2020) 
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The Lokuge model 

 

The Lokuge (2019) model tested organizational readiness for digital innovation – a particular type of 

change. Using exogenous variables of resource, cultural, strategic, IT, cognitive and partnership readiness, 

the endogenous construct of ORC had an R2 of 0.764 – again, a similar result to that of Pare. Many of the 

constructs were analogous to Venkatesh and Pare, but uniquely interesting for this study were the constructs 

of cultural and strategic readiness – ideas that weren’t previously tested in either predecessor. 

 

 

 
Figure 3: The Lokuge model (Lokuge et al., 2019) 

 

 

Methodology 
 

The method of choice for this study is a quantitative research approach that uses survey questions drawn 

primarily from the Paré model as the instrument. It focuses on establishing the casual factors that contribute 

to ORC that determine information system implementation decisions for companies in the IT industry 

through the measurement of behavioral intention. ORC is considered an endogenous latent dependent 

variable (Kabukye et al., 2020), and BI as the one independent variable from Venkatesh et al. (2003) could 

support the ORC theory. Cronbach’s alpha measures were used to evaluate each construct to determine 

whether a close relationship exist between a set of items as a group. 

 

The literature review discusses the history of change management and how it has evolved into ORC. This 

new model in Figure 4 was evaluated using PLS-SEM and was used to determine the strength of the 

relationship between ORC and each independent variable as well as ORC and BI. Coefficient and t-test 

statistics determine each path to validate the hypothesis statements (Hair et al., 2022). 
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Figure 4: Measurement and path model 

 

 

Thirty-one reflective indicators from the Paré model, six reflective indicators from the Lokuge model, and 

four reflective indicators from the UTAUT model were used to measure the constructs. The respondents 

answered each question using a 7-point Likert scale. Statements (e.g., “Our unit is usually successful when 

it undertakes all types of changes”) were used to measure path strengths and weaknesses that emerged when 

a change was implemented within the respondents’ organizations (Kabukye et al., 2020). The end of the 

survey contained demographic questions. Operational definitions for each of the constructs are given in 

Table 1. 
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Table 1: Operationalized definitions of constructs 

Term Definition Theoretical Basis 

Vision clarity (VC) The extent to which the reasons for the needed change are 

clear 

Paré (2011, 2020) 

Cultural readiness (CR) The extent to which core values within the organization 

support innovation 

Lokuge (2019) 

Strategic readiness (SR) The extent to which the leaders engage in activities 

preparing for change 

Lokuge (2019) 

Top management support 

(TMS) 

The degree to which the leaders provide resources to 

support the change initiative  

Paré (2011, 2020) 

Presence of an effective 

champion (C) 

The degree to which the change agent or champion 

influences the need for change 

Paré (2011, 2020) 

Organizational history of 

change (OHC) 

The degree to which the history of change failures 

contributes to future change 

Paré (2011, 2020) 

Organizational conflicts 

and politics (OCP) 

The degree to which conflicts and politics could determine 

that the organization is not prepared for change 

Paré (2011, 2020) 

Organizational flexibility 

(OF) 

The extent to which the employees perceive the flexibility 

concerning readiness for change 

Paré (2011, 2020) 

Collective self-efficacy 

(CSE) 

The extent to which the group is confident in its ability to 

execute the change 

Paré (2011, 2020) 

Organizational readiness 

(ORC) 

The extent to which the factors that influence the success 

of organizational changes are well known 

Paré (2011, 2020) 

Behavioral intention (BI) The extent to which the employees intend to adopt the 

information system after its implementation 

Venkatesh et al. 

(2003); Chaudhry 

(2018) 

 

 

 

The unit of analysis was set to be a survey response. Participants were snowball sampled from a starting 

point of IT- and telecommunications-related social media groups across several platforms. Qualifying 

questions limited participants to managers, technicians, software developers, engineers, and project 

managers with IT role in keeping with the established population from Parè et al. (2011) – though the 

context was shifted from healthcare to general IT. A power analysis was conducted using G*Power, with 

settings for a t-test for linear multiple regression with a fixed model and a single regression 

coefficient. Ten predictors were included. With an effect size (f²) of 0.15, an alpha (α) level of 

0.05 the analysis determined that a minimum sample size of 55 participants was required. 
 
 

Results 

 
A total of 144 responses were collected using an online survey – a survey response was considered the unit 

of analysis. Participants were solicited through targeted groups within social media platforms and through 

snowball sampling.  Twelve responses were removed because participants did not meet the qualification 

criterion of working in the IT industry.  Sixteen responses were removed for being substantially incomplete. 

An additional 22 responses exhibited no variance (so-called “hard right” or “hard left” responses) and were 

likewise discarded (Dave & Varma, 2014).  Consequently, 95 responses were included in the analysis 

outlined by J.F. Hair et al. (2022) that includes measurement and structural model evaluation and 

convergent and discriminant validity statistics. The analysis process was conducted using SmartPLS, a 

widely employed tool for PLS-SEM. 
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Measurement model evaluation 

 

The initial runs of the PLS algorithm are used to determine indicator reliability and convergent validity via 

loadings on the constructs. There were no significant cross loadings, but two indicators (OCP1 and OHC2) 

were removed because of loadings less than 0.4 on their respective constructs. Two additional indicators 

(ORC2 and ORC3) were removed due to Cronbach’s alpha, composite, and AVE issues discovered later in 

the analysis. Table 2 shows the final loadings of indicators on their constructs. 

 

ORC is the dependent variable in the original Paré model; it is an endogenous latent construct in the study. 

It was measured against nine tested independent variables using a survey instrument which is in Appendix 

A. The survey results reveal a coefficient of determination (R2) of 0.75. This value means ORC explains 

75% of the variance.  In Table 1, ORC measures whether employees are ready for change based on factors 

that influence the success of organizational changes. However, ORC is the mediating and dependent 

variable for this study. It was intended to validate that all of the latent variables support the implementations 

of ORC. 
 

Table 2: Final loadings of indicators. Highest loading construct is in bold 

  BI C CR CSE OCP OF OHC ORC SR TMS VC 

BI1 0.870 0.610 0.511 0.258 -0.465 0.498 0.508 0.407 0.519 0.488 -0.037 

BI2 0.909 0.545 0.457 0.243 -0.490 0.460 0.483 0.479 0.476 0.434 0.079 

BI3 0.908 0.579 0.480 0.252 -0.535 0.490 0.480 0.446 0.464 0.460 0.051 

BI4 0.873 0.555 0.417 0.304 -0.544 0.453 0.424 0.420 0.366 0.563 0.125 

C1 0.524 0.875 0.496 0.146 -0.281 0.469 0.492 0.396 0.646 0.757 0.189 

C2 0.590 0.945 0.562 0.175 -0.388 0.576 0.503 0.420 0.760 0.568 0.148 

C3 0.661 0.952 0.543 0.227 -0.442 0.664 0.564 0.418 0.735 0.653 0.132 

CR1 0.442 0.482 0.858 0.254 -0.284 0.464 0.318 0.447 0.506 0.502 0.167 

CR2 0.475 0.547 0.877 0.241 -0.287 0.442 0.366 0.387 0.546 0.498 0.116 

CR3 0.454 0.490 0.886 0.369 -0.358 0.452 0.428 0.418 0.532 0.435 0.150 

CSE1 0.245 0.225 0.305 0.814 -0.289 0.403 0.343 0.421 0.303 0.275 0.071 

CSE2 0.280 0.188 0.304 0.832 -0.258 0.292 0.282 0.516 0.232 0.367 0.125 

CSE3 0.238 0.125 0.268 0.887 -0.403 0.327 0.317 0.432 0.156 0.250 0.026 

CSE4 0.151 0.063 0.135 0.616 -0.453 0.317 0.348 0.285 0.055 0.204 -0.009 

OCP2 -0.298 -0.258 -0.322 -0.282 0.765 -0.543 -0.278 -0.283 -0.281 -0.249 0.132 

OCP3 -0.512 -0.366 -0.300 -0.346 0.895 -0.545 -0.471 -0.373 -0.292 -0.313 0.093 

OCP4 -0.606 -0.387 -0.293 -0.428 0.886 -0.565 -0.469 -0.389 -0.365 -0.366 0.149 

OF1 0.432 0.593 0.373 0.324 -0.403 0.819 0.479 0.383 0.582 0.445 -0.080 

OF2 0.463 0.479 0.421 0.408 -0.612 0.919 0.517 0.452 0.536 0.417 -0.034 

OF3 0.356 0.364 0.364 0.366 -0.624 0.776 0.450 0.358 0.391 0.294 -0.027 

OF4 0.508 0.611 0.563 0.268 -0.493 0.786 0.515 0.384 0.604 0.444 0.032 

OHC1 0.304 0.508 0.310 0.305 -0.206 0.370 0.790 0.391 0.424 0.339 0.124 

OHC3 0.510 0.413 0.342 0.243 -0.501 0.530 0.853 0.368 0.368 0.280 -0.074 

OHC4 0.531 0.496 0.416 0.442 -0.528 0.596 0.885 0.406 0.443 0.329 -0.080 

ORC1 0.459 0.425 0.406 0.416 -0.311 0.388 0.470 0.897 0.279 0.458 0.435 

ORC4 0.420 0.367 0.449 0.540 -0.431 0.468 0.349 0.885 0.279 0.448 0.237 

SR1 0.537 0.734 0.596 0.222 -0.343 0.552 0.478 0.336 0.928 0.550 -0.022 

SR2 0.424 0.697 0.523 0.275 -0.349 0.629 0.472 0.286 0.894 0.419 0.160 

SR3 0.377 0.623 0.477 0.140 -0.286 0.536 0.320 0.170 0.858 0.454 -0.028 

TMS1 0.496 0.652 0.539 0.408 -0.322 0.485 0.394 0.469 0.541 0.880 0.186 

TMS2 0.420 0.609 0.485 0.324 -0.264 0.418 0.391 0.408 0.487 0.885 0.214 

TMS3 0.458 0.622 0.413 0.270 -0.292 0.328 0.264 0.411 0.411 0.909 0.228 

TMS4 0.538 0.632 0.495 0.253 -0.410 0.471 0.287 0.501 0.452 0.873 0.237 

VC1 0.117 0.137 0.119 0.042 0.084 -0.024 0.027 0.382 -0.045 0.177 0.864 

VC2 -0.130 -0.099 -0.068 0.156 0.238 -0.225 -0.102 0.150 -0.090 0.079 0.675 

VC3 0.062 0.136 0.171 0.135 0.111 -0.025 0.004 0.349 0.086 0.223 0.891 

VC4 0.045 0.284 0.239 -0.059 0.114 0.083 -0.029 0.252 0.176 0.279 0.750 
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Cronbach’s alpha, composite reliability, and AVE help to establish construct reliability, validity, and 

consistency. However, Cronbach’s alpha assumes that all indicators are equally reliable, and it is sensitive 

to the number of items that are in the scale, which tends to underestimate its reliability (Hair et al., 2022).  

Composite reliability functions the opposite, where it overestimates reliability (Hair et al., 2022). As a 

result, Cronbach’s Alpha and Composite Reliability are both a part of Table 3 along with AVE. For 

Cronbach’s alpha, ORC and OHC are slightly low, but the remainder are either good or excellent results. 

Rho_a statistics are all excellent at 0.7 or above. Likewise, Rho_c statistics were excellent at 0.8 or above. 

Finally, AVE is very good at 0.7 or above except for OF, which was slightly low. Overall, all these measures 

of construct reliability demonstrate good convergent validity. 

 
 

Table 3: Construct reliability and validity 

 Cronbach's 
Composite 

(rho_a) 

Composite 

(rho_c) 
AVE 

 BI 0.913 0.917 0.939 0.793 

CSE 0.802 0.836 0.870 0.630 

CR 0.845 0.848 0.906 0.763 

OCP 0.808 0.832 0.886 0.723 

OF 0.844 0.855 0.896 0.684 

OHC 0.796 0.797 0.881 0.711 

ORC 0.741 0.742 0.885 0.794 

C  0.915 0.917 0.947 0.855 

SR 0.879 0.944 0.923 0.799 

TMS 0.910 0.915 0.937 0.787 

VC 0.815 0.877 0.875 0.640 

 

 

Discriminant validity checks the cross-loadings of the indicator on other constructs to ensure that other 

constructs are specifically and empirically different from one another in the model (Hair et al., 2022).  In 

Table 2 the indicator loads highest on its corresponding construct, and none have crossing-loadings within 

0.1 of another construct.  Best practices in PLS-SEM favor the use of heterotrait-monotrait ratios (HTMT) 

over the Fornell-Larker criterion (Hilkenmeier et al., 2020). A threshold value of 0.9 is used to establish 

discriminant validity – larger values indicate the lack of discriminant validity. HTMT values are given in 

Table 4 and all are under this threshold, indicating good discriminant validity.  

 

 
Table 4: HTMT discriminant validity; all values <0.9 

  BI CSE CR OCP OF OHC ORC C SR TMS VC 

BI  - - - - - - - - - - 

CSE 0.339 - - - - - - - - - - 

CR 0.597 0.388 - - - - - - - - - 

OCP 0.647 0.545 0.434 - - - - - - - - 

OF 0.608 0.513 0.616 0.786 - - - - - - - 

OHC 0.625 0.506 0.516 0.596 0.724 - - - - - - 

ORC 0.598 0.681 0.604 0.532 0.606 0.598 - - - - - 

C 0.703 0.221 0.659 0.459 0.704 0.657 0.54 - - - - 

SR 0.555 0.269 0.688 0.429 0.741 0.563 0.365 0.85 - - - 

TMS 0.595 0.405 0.62 0.418 0.547 0.441 0.614 0.78 0.589 - - 

VC 0.135 0.162 0.225 0.212 0.151 0.158 0.451 0.238 0.171 0.274 - 
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Structural model evaluation 

 

Scholars more familiar with covariance-based structural equation modeling (CB-SEM) expect measures for 

goodness of fit (GoF), especially the chi-squared (χ2) statistic. This statistical test is used to assess the 

discrepancy between the observed data and the expected values predicted by a model. In SEM and CFA, 

the χ2 test evaluates whether the differences between the observed covariance matrix and the covariance 

matrix implied by the model are statistically significant. In contrast, partial least squares attempts to 

“maximize the model’s explanatory and predictive power” (Hair et al., 2022, p. 188) rather than minimizing 

differences between covariance matrices. In PLS-SEM, VIF indicators, path coefficients, coefficient of 

determination (R2), Q2 predictive power are the typical measures of structural model evaluation. 

 

PLS-SEM evaluates the structural model by conducting tests and analyses that include path coefficients 

and their significance for each path. The PLS algorithm is used to test the coefficients and bootstrapping 

has samples that are used to test the significance. In Table 5 the confidence intervals, effect size, t-statistics, 

and p-values are provided. 

 
Table 5: Total effects and significance, * indicates significance at the α < 0.05 level. 

 Path 

Coefficient 
T statistics P values 

97.50% 

Confidence 

Hypothesis 

Supported 

CSE→ORC 0.287 2.731 0.006* 0.506 H9 (Y) 

CR→ORC 0.163 1.357 0.175 0.386 H2 (N) 

OCP→ORC -0.114 1.398 0.162 0.044 H7 (N) 

OF→ORC 0.146 1.262 0.207 0.392 H8 (N) 

OHC→ORC 0.142 1.037 0.300 0.413 H6 (N) 

ORC→BI 0.494 5.153 0.000* 0.670 H10 (Y) 

C→ORC 0.130 0.949 0.343 0.432 H5 (N) 

SR→ORC -0.234 1.592 0.111 0.030 H3 (N) 

TMS→ORC 0.107 0.846 0.398 0.341 H4 (N) 

VC→ORC 0.317 2.612 0.009* 0.547 H1 (Y) 

 

R2 is “a measure of the portion of an endogenous construct’s variance that is explained by its predictor 

constructs. It indicates a model’s explanatory power with regard to a specific endogenous construct,” (Hair 

et al, 2022, p. 307). R2 values of 0.2 or less are considered weak, 0.333 are moderate and 0.67 or higher are 

strong. (Hair et al., 2022). In this study, the R2 for ORC is 0.573 and the R2 for BI is 0.244. both of which 

are moderate results (see Table 6).  

 
Table 6: R2 and Q2 values 

 R-

square 

R-square 

adjusted 
Q² predict 

BI 0.244 0.236 0.285 

ORC 0.573 0.528 0.537 

 

 

PLS-SEM assesses the predictive power through Stone-Geisser’s Q2 statistic as a good means to determine 

the model’s out of sample predictive power.  The Q2 statistic is acquired by using the blindfolding 

technique. The blindfolding procedure involves systematically leaving out a portion of the data and then 

predicting the omitted values based on the remaining data and the model estimated using that data. This 

process is repeated multiple times to obtain reliable estimates of the Q² statistic. The Q² statistic provides 

an indication of the proportion of variance explained or predicted by the model. Higher Q² values indicate 
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better predictive relevance, suggesting that the model performs well in explaining and predicting the 

observed data. If the Q2 results are larger than zero, then the model has some predictive power. Values 

around 0.25 are considered satisfactory and indicative of a reasonably good model prediction. Values 

around 0.5 are seen as very strong (Hair et al., 2022). The Q2 results for the endogenous constructs are also 

given in Table 6. The predictive relevance for ORC is very strong, while the predictive relevance for BI is 

satisfactory.  

 

The effect size (2) measures the strength of the effect between an endogenous construct and its associated 

exogenous constructs. The effect size (2) “expresses the change in the R2 value when a specific predecessor 

construct is omitted from the model” (Hair et al., 2022, p.195). If the removal of a construct results in a 

significant decline in the endogenous construct’s R2, then this is substantial evidence for the effect of the 

predecessor construct. Values around 0.02 is considered small, 0.15 is medium, and 0.35 is large within the 

range of effects. Table 7 and 8 below show the effect sizes for the model of Figure 4. 

 
Table 7: Effect size (2) 

 BI CSE CR OCP OF OHC ORC C SR TMS 

BI - - - - - - - - - - 

CSE - - - - - - 0.126 - - - 

CR - - - - - - 0.033 - - - 

OCP - - - - - - 0.016 - - - 

OF - - - - - - 0.018 - - - 

OHC - - - - - - 0.025 - - - 

ORC 0.322 - - - - - - - - - 

C - - - - - - 0.009 - - - 

SR - - - - - - 0.042 - - - 

TMS - - - - - - 0.011 - - - 

VC - - - - - - 0.197 - - - 

 

 

In Table 7 CR, OHC and SR demonstrate small effects on ORC while CSE and VC had medium to large 

effects on ORC. OCP, OF, C and TMS are below the threshold showing little to no effect on ORC. Finally, 

ORC had a large effect size for BI. 

 

 

Limitations 
 

The potential limitations were the cultural and work trust in the virtual environment when evaluating 

external threats; the participants trusted the survey instrument since it did not violate the rights of the 

volunteers. Hence, the survey results were kept and stored in a secure and private location (Hoy, 2016).  

Furthermore, it could have caused biased results from the participants by using only a single virtual space. 

However, other participants were recruited through the exponential non-discriminant strategy; also known 

as the snowball technique (Etikan, et al., 2016).   

 

As part of this process, the researcher contacted one participant via email, and the volunteer distributed the 

survey to other IT Professionals. Although the researcher did not have any control over whether the survey 

was circulated to the other IT professionals, it does deduce the limitation of using one IT social media 

platform to gather the responses as the strategy.  
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In addition, internal threats could have been posed by the IT industry and the participants in this study. 

Specifically, in connection to the indicator VC4 of the survey not being worded correctly, and the results 

could have been skewed. The word clinical should have been replaced with information systems (IS).   

 

Discussion and future work 

 
In Figure 4, ORC had a mediating effect on the constructs demonstrating its relevance when helping 

organizations to determine if their employees’ mindsets are ready for change. However, the moderating 

effect was tested by adding the demographic constructs from the datasets to determine if age, gender, or 

profession; for instance, had any effect. When the moderating constructs were added to the model ages 55-

64 were concerned about CR, C, OCP, and OF all having significance. In the category of gender, the men 

were the highest participants that were concerned about OCP and OF all having significance.  Lastly, the 

profession of Project Management had the highest participation in the study that was concerned about OCP, 

and the results showed significance. 

    

In Table 5 the hypothesis results demonstrated that VC, CSE, and ORC were supported in this research.  

The three hypotheses’ statements were supported based on the p-values given. Moreover, based on the 

effect sizes VC, CSE, and ORC did contribute significantly to the model.  A future evaluation of a 

parsimonious model would involve testing the constructs to determine whether to retain or remove the 

constructs via stepwise regression. 

 

Based on the research question, the constructs of vision clarity (VC) and collective self-efficacy (CSE) 

exhibited the largest contribution to overall organization readiness for change (ORC). On the other hand, 

organizational history of change (OHC), strategic readiness for change (SR), cultural readiness for change 

(CR), organizational conflicts and politics (OCP), organizational flexibility (OF), presence of a champion 

(C), and top management support (TMS) had little effect on ORC. 

 

This research provides four significant contributions to the field of IT and IS.  First, ORC does bridge the 

gap between employees and leaders when initiating IS changes.  It can take such an initiative by using the 

independent variables to address organizational concerns about whether the employees are ready for 

change. Second, BI measures whether ORC is effective in indicating if the employees are ready for change. 

The results for the path coefficients shown in Table 5 show that there is a significant path between ORC 

and BI – leaders would be wise to consider organizational readiness for change as part of technology 

systems adoption.  Thirdly, ORC is a moderating variable within the Parè model once BI was added to the 

model to measure the readiness for change in the measurement model evaluation section. In the future, 

research can be undertaken to understand ORC in Figure 4 using other models such as UTAUT, the 

technology acceptance model (TAM), or the task technology fit model (TTF).  The ORC and BI are 

constructs that could be added to the model to measure the readiness with other models. 
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Appendix A 
 

The Paré model (© 2011, Paré, G., Sciotte, C., Poba-Nzaou, P., Balouzkis, G.) 

 

The following statements were used to understand what statement reflects the type of 

organizational readiness for change. Please read each statement and indicate your response using 

the scales below. 

No. Statement Scale Numeric Scale Scale 

VC1 I believe there are legitimate reasons for us to 

introduce a computer-based system in our unit. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

VC2 We definitely need new tools to improve the way we 

work around here. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

VC3 There are a number of rational reasons for the 

deployment of an IS in our unit. 

Strongly 

Disagree 

 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

VC4 A computer-based system is needed to improve our 

clinical processes. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

CR1 My organization has a well-established way of 

sharing ideas to engage with the IT portfolio for 

innovations. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

CR2 My organization has a decentralized decision-

making process that facilitates the engagement of all 

business areas to use the IT portfolio for 

innovations. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

CR3 My organization takes reasonable risk assessments 

of engaging IT to facilitate innovations. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

SR1 Our organizational strategic goals are clear to me 

when I engage the IT portfolio to facilitate 

innovations. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

SR2 Our organizational strategic goals are relevant to 

me when I use the IT portfolio to facilitate 

innovations. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

SR3 I am well aware of the organizational strategic goals 

communicated to me for using the IT portfolio to 

facilitate innovations. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

TMS1 Managers in our unit are committed to the 

deployment of an IS. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

TMS2 Managers in our unit have stressed the importance 

of this change. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

TMS3 Managers have sent a clear message that the 

deployment of an IS will occur in our unit. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 
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TMS4 Staff have been encouraged to embrace the 

upcoming deployment of an IS. 

Strongly 

Disagree 

1-----2-----3----

-4-----5----6----

7 

Strongly 

Agree 

 

C1 There is a champion who actively promotes the 

deployment of an IS in our unit. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

C2 The IT project has a credible and trustworthy 

champion. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

C3 There is a champion who will be able to push the IT 

project over or around implementation hurdles. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OHC1 Our unit has successfully implemented other 

technological changes in recent years. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OHC2 Staff in our unit have had negative experiences with 

technological projects in the past. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OHC3 Our unit is usually successful when it undertakes all 

types of changes. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OHC4 Information technology initiatives have been 

encouraged and are common practices in our unit. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OCP1 Mutual trust and cooperation among staff in our unit 

are strong. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OCP2 Recent attempts to change the way we work in our 

unit have been hindered by political forces or 

conditions. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OCP3 The climate in our unit is mainly characterized by 

conflicts and disputes. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OCP4 Staff frustration is common in our unit. Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OF1 Our unit is structured to allow superiors to make 

changes quickly. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OF2 It is easy to change procedures in our unit to meet 

new conditions. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OF3 Getting anything changed in our unit is a long, time-

consuming process.  

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OF4 Policies and procedures in our unit allow us to take 

on new challenges effectively. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 
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CSE1 All staff in our unit are highly computer literate.  Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

CSE2 It won’t take a long time before staff in our unit feel 

comfortable using an IS. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

CSE 3 Using a computer effectively is no problem for the 

staff in our unit. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

CSE4 In general, staff in our unit have low computer skills. Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OR1 I believe an IS can be successfully implemented in 

our unit. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OR2 Managers should delay the deployment of an IS in 

our unit. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OR3 The deployment of an IS in our unit is timely. Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

OR4 Our unit is ready to take on this technological 

change. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

BI1 The organization thought significantly about the IS 

change prior to implementing it.  

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

BI2 The organization formulated a plan to execute the IS 

change. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

BI3 The organization consulted with others about the IS 

change. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

BI4 The organization communicated its intention to 

execute the IS change to others. 

Strongly 

Disagree 

1-----2-----3--

---4-----5----

6----7 

Strongly 

Agree 

 


